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Policy changes impacting our sales & market dynamics
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BHP & Market 
sales value/ 

volume & prices 

4+7 
Policy

NRDL

EDL

GPO 

(SH)

Guotan

+ other factorsStakeholders from multiple departments



Multiple analysis approaches to analyze policy impact on market 
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Special focus 

offline review

Other external 

sources

Policy related 

dashboards

Common dashboards

(Market insight, Internal sales)

… all looking backwards



AI:EV prestudy – Try to look into the future
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Use advanced analytics to predict

market, key product sales volume & 

market share for upcoming next 1 

month, next 6 and 12 months in large 

hospital market.
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* Prediction based on IQVIA data, large hospital (>100 bed) market



Methodology
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Feature scoping

/// AI:EV Predicting Policy Impact /// 6

Factors defined by team

e.g. policy trend, market share, market 

size, statistical result, sales volume lag, 

and the product information

Features included



Supervised learning model applied for

1. Split test data: key product/ or not, policy city/ 

not → select a feature set for each groups.

2. Classifier: Train a classifier model to predict 

will have sales volume or not. 

Gradient Boosting Regressor as main 

model to predict the next six months sales 

volume.
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Classify / Clustering Predicting

~12,000 pack-city combinations, 300+ companies, 500+ products 41 cities



Model Amendment – Next month ☺
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Market Size Predictor 

ARIMA model:

1. Overall trend: 5 years overall 

trend

2. Seasonality: The annually cycle. 

(Spring festival, National 

festival...)

3. Residual: The market size 

change that caused by events, 

policies, or other factors.

&



Model Amendment – 3 months after creation
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Prediction period expansion

Increase level of LSTM:

& &

+ in-mkt. 

features

+ group further 

and train 

specifically

+ group further 

and train 

specifically

✓



Current feature set

6 months prediction
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6-12 months prediction



Results
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Pack-level forecast accuracy overview  
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> 90 % <90 >80 < 80% > 50% <50 %

~12,000 pack-city combinations 41 cities

FA > 90 %

FA < 90 %



Next months accuracy on selected indicators

Scope Accuracy 

August

Accuracy 

July

Accuracy 

June

Accuracy 

May

Accuracy 

April

BHP EV policy city 99% 90% 98% 99% 91%

MS 98% 94% 97% 95% 92%

BHP MS Shanghai 87% 90% 88% 99% 84%

Market size 100% 99% 99% 97% 95%

Key product market size 97% 99% 92% 92% 95%
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Big scope Small scopeForecast accuracy declining the smaller the scope



3 & 6 months product level accuracy (MTH) above 80%
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Predicted proportion of actual 
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Acceptance Range 85 – 115 %

14/41 inside of this range

High volatility in monthly data
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YTD – Predicted proportion of Actual
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Acceptance Range 90 – 110 %

6/41 outside of this range

More stable trend compared to MTH, FA for key products is >95%



Learnings
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Learnings
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Initial policy  
impact is 
less than 
expected

Strong 
seasonal 
trends 

MS, EV/ EI 
& Sales 
Volume are 
predictable 
with good 
accuracy

Low forecast 
accuracy 
provides 
additional 
insights

Real-time 
EV more 
relevant 
than further 
predict 
values

✓

Potentially re-

creatable

Regular reporting of MS/ EV 

future trend

Regular reporting of Outlier 

brands & cities

Need to gain 

experience in mid-

term forecast 

accuracy
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